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Forecasting Of The Demand For Electricity
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Abstract

This research studies the electricity consumption data from
the Electricity Generating Authority of Thailand (EGAT) by comparing
the methods of forecasting that are currently used in 3 ways are:
multiple regression, exponential smoothing and autoregressive
integrated moving average (ARIMA). The error is that the exponential
smoothing by Winters' additive is the smallest that the square root of the
mean square error (RMSE) is 98148812.68 and 112,148,112.22
kilowatts, the mean absolute error (MAPE) is 101.273 and 177.65

kilowatts for model fitting and model validation respectively.
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